7133} Lok SieRdo| Y
F&UT WAE 15 2L A BR 5 AT

Semi-automatic Construction of Leaming Set and Integration of Automatic
Classification for Academic Literature in Technical Sciences

UM (Seon-Wu Kim)**, TAL (Gun-Woo Ko)***
Z = (Won-Jun Choi)****, H3|M (Hee-Seok Jeong)*****
2312 (Hwa-Mook Yoon)****** XA T (Sung-Pil Choi)*******

A e ol 5oL, §ETHA A7 2Es] olHAEAM AFAEL AW Aol HE FF
oJH S AL Utk ol s Y FHHORE e B BF FHI HasA T S
BE7F AFHEE S volHulo| 27t EAEA] Bt oo B dAdlME Fu seEdd sl

7Fed AR B AIZEE AT 1A 3ol R Tied 71edst okl Seids 6L K-Means 28 2H
7I¥& 2&3to] DDC 6009 the] FEFol RA wigste v £77t 7 d Sade T5esdth i
& Az, vietdolE7t EASIA BE wE ALl F 63,9157 o] 71eH3t ok A & ol
TEHAT 015 BEsl] AF S 7|ute] SEEd A B7 AE rHSL sk A8 AFE S

U= 1=2r3) T

G FEE APHIS B Y A3, OF BRO) sl 78.32%9) Aw} 1245%9) F1 A5 29tk

e

fE O e
g
2o 2,

“r

e

ABSTRACT

Recently, as the amount of academic literature has increased rapidly and complex researches have
been actively conducted, researchers have difficulty in analyzing trends in previous research. In order
to solve this problem, it is necessary to classify information in units of academic papers. However,
in Korea, there is no academic database in which such information is provided. In this paper, we propose
an automatic classification system that can classify domestic academic literature into multiple classes.
To this end, first, academic documents in the technical science field described in Korean were collected
and mapped according to class 600 of the DDC by using K-Means clustering technique to construct
a learning set capable of multiple classification. As a result of the construction of the training set,
63,915 documents in the Korean technical science field were established except for the values in which
metadata does not exist. Using this training set, we implemented and learned the automatic classification
engine of academic documents based on deep learning. Experimental results obtained by hand-built
experimental set-up showed 78.32% accuracy and 72.45% F1 performance for multiple classification.
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